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YOUR
REQUEST
SELECT sum(v)
FROM (
SELECT

tl.1id,

1+ 2 + tl.value AS v
FROM t1 JOIN t2
WHERE
tl.id = t2.id AND
t2.id > 50000) tmp
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= {'foo': 'bar'}
print(d[ 'foo']) # => 'bar'
d[ 'foo'] = 'qux'
print(d[ 'foo']) # => 'qux'

1. df.foreach(print) # Row(foo='qux')

2. df['baz'] = 'qux'

3. # TypeError: 'DataFrame' object does not support item assignment
df .withColumn("baz", lit("qux"))
df.foreach(print) # Row(foo='qux')

new df = df.withColumn("baz", lit("qux"))
new df.foreach(print) # Row(foo='qux', baz='qux')
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org. apache spark. , S

E - .

[{"name": "WSU", "yearFounded": 1890, "numStudents": 29686},
{"name": "MIT", "yearFounded": 1860, "numStudents": 11318},

{"name": "UW", "yearFounded": 1861, "numStudents”: 46081} ]

case class University(name: String, numStudents: Long, yearFounded: Long)

val schools = sqlContext.read.json("/schools.json").as[University]
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val schools = sqlContext.read.json("/schools.json").as[University]

1. wval bicents = schools.map(school => {
2 . school.yearFounded + 200
3. }).withColumnRenamed("value", "bicentYear")

val awesomeSchools = schools.map(s
val awesome = s.name match {
"WSU" => true
"MIT" => true
"Uw" => false
=> None

}

S.Copy(isAwesome = awesome)

})
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schools.createOrReplaceTempView("schools")
spark.sql("""SELECT SUM(students)

FROM schools

WHERE name IN ('WSU','MIT')""")
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Databricks:

Datasets: https://databricks.com/blog/2016/01/04/introducing-apache-spark-
datasets.html

Catalyst: https://www.slideshare.net/databricks/a-deep-dive-into-spark-sqls-catalyst-
optimizer-with-yin-huali
https://de.slideshare.net/SparkSummit/deep-dive-into-catalyst-apache-spark-20s-
optimizer-63071120

Tungsten: https://databricks.com/blog/2015/04/28/project-tungsten-bringing-spark-
closer-to-bare-metal.html

Matrix: https://databricks.com/blog/2016/07/14/a-tale-of-three-apache-spark-apis-rdds-
dataframes-and-datasets.html

General Reference

https://jaceklaskowski.gitbooks.io/mastering-apache-spark/

https://spark.apache.org/docs/latest/sql-programming-guide.html
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https://en.wikipedia.org/wiki/Donald Trump
http://why-not-learn-something.blogspot.com/2016/07/apache-spark-rdd-vs-dataframe-vs-
dataset.html
http://sueduff.com/wp-content/uploads/2014/04/bigstock-Magic-Book-9990005.jpg
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