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Databricks + Snowflake:
Catalyzing Data and Al

Garren Staubli
Solutions Architect
garren@databricks com | @gstaubli

#UnifiedAnalytics #SparkAlSummit

Slides & Resources: garrens.com/DataSnowCat
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Introductions
Scenario
Challenges
Solutions
Demo
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Data & ML
Lifecycle

Data Engineering Data Science

Accelerate innovation by unifying data science and engineering
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All-new SQL data Delivered as a servi
warehouse 'n

Designed for the cloud

1 1N Amazon
(1 AMNaZOr
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Forget Oil. Data is worth
more than Gold

SPARK+AI
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Scenario
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Scenario - Annotated

!

;.@Data Smence ML Englneermg
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Scenario - Reality
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Sources

LAKES STREAMS

Data-Driven
Production

APIs Apps 3]
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&S kafka

Partitions: 20

Format: JSON

Rows per second: 10,000

Insights

oy
N

S

L]

28
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ML Analysis

Extract Transform Load
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Partitions: 20
Rows per second: 10,000
Format: JSON

L v

Sources Flat, RDBMS, Streams, etc
Syntax Unified batch & stream APls
Scale Autoscaling with usage
Languages ‘ Python, Scala, SQL, R & Java
Performance JVM w/ optimization
Expressiveness Multilevel APIs (SQL + RDDs)
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E?)w;i%nesr:szeocond: 10,000 L@ﬁ ;n‘.smaﬂ( ‘A DELTA LAKE

Format: JSON

Malformed Records
Errors

Changing Fields
Writes

- Performance

- Semantics

- Reliability

-)

Ignorel/infer + log records
Handle + retry w/ checkpoint
Schema Evolution

Partitioned + optimized files
Exactly once
ACID transactions
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Partitions: 20
Rows per second: 10,000
Format: JSON

ng 0= 536K % =4\ DELTA LAKE’

Data Access Apache Spark + Delta
Syntax Koalas

Collaboration Databricks Notebooks
Models ‘ mlf/on

- [teration - Tracking

- Reproducibility - Projects

- Deployment - Models
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Partitions: 20 g
Rows per second: 10,000
Format: JSON

Time to value
Intermittent demand
Language

Common Tooling
Ease of Use

Cost control

SpQr‘l'(\Z =) /\ DELTA LAKE" = mlf/c

Interactive queries Jdb
Instant Scaling > XX
sQL el

‘ Tableau, PowerBl, etc

Optimized DWaa$S
Decoupled storage + compute
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mlflow

Machine Learnin
88 kaifko .
®databricks
Partitions: 20
Rows per second: 10,000 T
Format: JSON O

+,+

i €databricks —» (3%snowflake + 4
gy —> XK V
wee o e w ]
'—j SP&rK /\ DELTA LAKE
C Bl Reporting
Em Dashboards

@\\l' SPARK+AI #UnifiedAnalytics #SparkAlSummit | Slides & Resources: garrens.com/DataSnowCat
N SUMMIT 2019



SN

SPARK+AI
SUMMIT 2019

#UnifiedAnalytics #SparkAlSummit | Slides & Resources: garrens.com/DataSnowCat

18



ml7/c

& kafka

Partitions: 20
Rows per second: 10,000
Format: JSON O

> databricks

: +
databricks Sk snowflake -

Bl Reporting
Dashboards
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Sources Persistence

LAKES STREAMS LAKES ML
@&databricks DELTA | @databricks DELTA %
. _wu OPky i P ‘

hgt'duap w's3 §€kqfkc f:,:’:;.;
WAREHOUSES NOSQL WAREHOUSES NOSQL
db - db =
B sk 2 B sk &
Processing

Integration

Spark” -
® databricks s

K Keras PYTHRCH
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Rate this session

Databricks + Snowflake: Catalyzing...
< 16:40-17:20 <

pETAILS

the unparalleled
distributed big d
tool to the table,
every technolog
Kafka) to databa
stores (e.g. S3) {

Key Takeaways: . ‘ l
How Databricks ’
Why they're so

How Databricks SPARK+AI

catalyze analytid

SPEAKERS

INERF ©

LACKINENIEL0M|
Rate this session

Help make the Summit better

Add to my schedule?
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